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Improved ORB algorithm used in image stitching
WANG Jian, YU Ming" . REN Hong-e"

(College of Information and Com puter Engineering ,
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Abstract: In order to solve the problems that the Oriented FAST and Rotated BRIEF (ORB) algo-
rithm does not have the feature of scale invariance, the highly false positive rate and the bad quality of
the spliced image, this paper provides an improved ORB algorithm for image stitching. Firstly, a fea-
ture-based detection algorithm based on the same scale is used to detect the feature points of the im-
age. Then the features of the detected feature points are described by using the ORB descriptor, and
then the ORB matching algorithm is used for the rough matching. The bidirectional matching method
and Random Sampling Coherence (RANSAC) algorithm are used to match and refine matching points
to further improve its accuracy. Finally, the image mosaic is completed by fade-in-weight fusion. The
experimental results show that the proposed algorithm is robust and stable against different illumina-
tion conditions, such as different rotation angles, low resolution and varying scale. It is a short time-
consuming, high-precision and good image mosaic method.
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